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Gradiant Face Gradiant Signature Gradiant Voice

Biometrics

What modalities we work on?
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Others

• Survey [8]

• Challenge-response
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Trending topic

Databases Competitions

• NUAA [9] (2010)

• CASIA FASD [10] (2012)

• REPLAY-ATTACK [11] (2012)

• MSU MFSD [12] (2015)

• REPLAY-MOBILE [13] (2016) (ours)

• OULU NPU [14] (2017)

• ICB 2011 [15] (6 participants)

• ICB 2013 [16] (8 participants)

• IJCB 2017 [17] (14 participants)

https://link.springer.com/chapter/10.1007/978-3-642-15567-3_37
http://ieeexplore.ieee.org/stamp/stamp.jsp?arnumber=6199754
http://publications.idiap.ch/downloads/papers/2012/Chingovska_IEEEBIOSIG2012_2012.pdf
http://ieeexplore.ieee.org/document/7031384/
http://ieeexplore.ieee.org/stamp/stamp.jsp?arnumber=7736936
http://ieeexplore.ieee.org/stamp/stamp.jsp?arnumber=7736936
http://ieeexplore.ieee.org/stamp/stamp.jsp?arnumber=7736936
http://ieeexplore.ieee.org/stamp/stamp.jsp?arnumber=7961798
http://ieeexplore.ieee.org/stamp/stamp.jsp?arnumber=6117509
http://ieeexplore.ieee.org/document/6613026/
https://sites.google.com/site/faceantispoofing/


Competition

4950 14 10 4
Videos Participants Countries Evaluation 

Protocols

IJCB 2017 competition on generalized face presentation attack detection in mobile authentication scenarios. 
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Results

https://sites.google.com/site/faceantispoofing/results

https://sites.google.com/site/faceantispoofing/results
https://sites.google.com/site/faceantispoofing/results
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Recursive feature elimination

http://scikit-learn.org/stable/modules/generated/sklearn.feature_selection.RFE.html

From two 6018-length feature vectors to two 1000-length feature vectors.

http://scikit-learn.org/stable/modules/generated/sklearn.feature_selection.RFE.html
http://scikit-learn.org/stable/modules/generated/sklearn.feature_selection.RFE.html
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Classifier

SVM. Kernel RBF Oldie but goldie
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Train CNNs

Novel evaluation protocols

(New publication)

Release a version

Ask your questions



Future work



Thank you 

+ info in the appendix

(+34) 986 120 430 | gradiant@gradiant.org | www.gradiant.org
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Competition Database

6 Devices:  Samsung Galaxy S6 edge, 
HTC Desire EYE, MEIZU X5, ASUS Zenfone Selfie, 
Sony XPERIA C5 Ultra Dual and OPPO N3

https://drive.google.com/open?id=0B9Nql1cgiWm0Smg3WUszbEFtYUE
https://drive.google.com/open?id=0B9Nql1cgiWm0a3Q3WVl3ZUJDQm8
https://drive.google.com/open?id=0B9Nql1cgiWm0UjFZa1ZfTWJpVmM
https://drive.google.com/open?id=0B9Nql1cgiWm0T2tLaUVHMkNCNVE
https://drive.google.com/open?id=0B9Nql1cgiWm0SHpXVHdSTm95d1k
https://drive.google.com/open?id=0B9Nql1cgiWm0VTFMeURzWDBOMDg


Evaluation Protocols

Protocol I: The first protocol is designed to evaluate the generalization of the face PAD methods under previously unseen 
environmental conditions, namely illumination and background scene. As the database is recorded in three sessions with different 
illumination condition and location, the train, development and evaluation sets are constructed using video recordings taken in 
different sessions. 

Protocol II: The second protocol is designed to evaluate the effect of attacks created with different printers or displays on the 
performance of the face PAD methods as they may suffer from new kinds of artifacts. The effect of attack variation is assessed by 
introducing a previously unseen print and video-replay attack in the test set. 

Protocol III: One of the critical issues in face PAD and image classification in general is sensor interoperability. To study the effect 
of the input camera variation, a Leave One Camera Out (LOCO) protocol is used. In each iteration, the real and the attack videos 
recorded with five smartphones are used to train and tune the algorithms, and the generalization of the models is assessed using 
the videos recorded with the remaining one. 

Protocol IV: In the last and most challenging protocol, all above three factors are considered simultaneously and generalization of 
face PAD methods are evaluated across previously unseen environmental conditions, attacks and input sensors.
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Muchas Gracias 

(+34) 986 120 430 | gradiant@gradiant.org | www.gradiant.org



Contact me

Artur Costa-Pazo

Software Engineer & PhD Student

acosta@gradiant.org

mailto:acosta@gradiant.org
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